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—— Abstract

The maximum cut problem in graphs and its generalizations are fundamental combinatorial

problems. Several of these cut problems were recently shown to be fixed-parameter tractable and
admit polynomial kernels when parameterized above the tight lower bound measured by the size
and order of the graph. In this paper we continue this line of research and considerably improve
several of those results:
We show that an algorithm by Crowston et al. ICALP 2012] for (SIGNED) MAX-CUT ABOVE
EDWARDS-ERDOS BOUND can be implemented in such a way that it runs in linear time
8% . O(m); this significantly improves the previous analysis with run time 8% - O(n*).
We give an asymptotically optimal kernel for (SIGNED) MAX-CUT ABOVE EDWARDS-ERDGS
BounD with O(k) vertices, improving a kernel with O(k?) vertices by Crowston et al. [CO-
COON 2013].
We improve all known kernels for strongly A-extendable properties parameterized above tight
lower bound by Crowston et al. [FSTTCS 2013] from O(k®) vertices to O(k) vertices.
As a consequence, MAX ACYCLIC SUBDIGRAPH parameterized above Poljak-Turzik bound
admits a kernel with O(k) vertices and can be solved in time 20%) . n@(); this answers an
open question by Crowston et al. [FSTTCS 2012].
All presented kernels can be computed in time O(km).
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1 Introduction

A recent paradigm in parameterized complexity is to not only show a problem to be fixed-
parameter tractable, but indeed to give algorithms with optimal run times in both the
parameter and the input size. Ideally, we strive for algorithms that are linear in the input
size, and optimal in the dependence on the parameter k& assuming a standard hypothesis such
as the Exponential Time Hypothesis [17]. New results in this direction include fixed-parameter
algorithms for GRAPH BIPARTIZATION [18, 30], PLANAR SUBGRAPH ISOMORPHISM [9], DAG
PARTITIONING [29] and SUBSET FEEDBACK VERTEX SET [20].

Here, we consider the fundamental MAX-CUT problem from the view-point of linear-time
fixed-parameter algorithms. In this classical NP-complete problem [19], the task is to find a
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bipartite subgraph of a given graph G with the maximum number mc(G) of edges. We refer
to the survey [26] for an overview of the research area.

We focus on MAX-CUT parameterized above Edwards-Erdds bound. This parameterization
is motivated by the classical result of Edwards [10, 11] that any connected graph on n vertices
and m edges admits a cut of size at least

m/2+(n—1)/4 . (1)

This lower bound is known as the Edwards-Erdds bound, and it is tight for cliques of every
odd order n. Ngoc and Tuza [24] gave a linear-time algorithm that finds a cut of size at
least (1).

Parameterizing MAX-CUT above Edwards-Erdés bound means, for a given connected
graph G and integer k, to determine if G admits a cut that exceeds (1) by an amount
of k: formally, the problem MAX-CUT ABOVE EDWARDS-ERDGOS BounD (MaXx-Cut AEE)
is to determine if me(G) > |E(G)|/2 + (|[V(G) — 1 + k)/4. Tt was asked in a sequence of
papers [5, 12, 21, 22] whether MAX-CuUT AEE is fixed-parameter tractable, before Crowston
et al. [7] gave an algorithm that solves instances of this problem in time 8% - O(n%), as well as
a kernel of size O(k®). Their result inspired a lot of further research on this problem, leading
to smaller kernels of size O(k?®) [4] and fixed-parameter algorithms for generalizations [23]
and variants [8].

In the SIGNED MAX-CUT problem, we are given a graph G whose edges are labeled
by (+) or (—), and we seek a maximum balanced subgraph H of G, where balanced means
that each cycle has an even number of negative edges. MAX-CUT is the special case
where all edges are negative. SIGNED MAX-CUT finds applications in, e.g., modeling social
networks [14], statistical physics [1], portfolio risk analysis [15], and VLSI design [3]. The
dual parameterization of SIGNED MAX-CUT by the number of edge deletions was also shown
to be fixed-parameter tractable [16].

Poljak and Turzik [25] showed that the property of having a large cut (i.e., a large bipartite
subgraph) can be generalized to many other classical graph properties, including properties
of oriented and edge-labeled graphs. They defined the notion of “A-extendable” properties II
and generalized the lower bound (1) to tight lower bounds for all such properties; we refer to
these lower bounds as the Poljak- Turzik bound for II. Well-known examples of such properties
include bipartite subgraphs, g-colorable subgraphs for fixed ¢, or acyclic subgraphs of oriented
graphs. Mnich et al. [23] considered the problem ABOVE POLJAK-TURZIK(II) of finding
subgraphs in IT with k edges above the Poljak-Turzik bound; they gave fixed-parameter
algorithms for this problem on all “strongly” A-extendable properties II. A subclass of these,
requiring certain technical conditions, was later shown to admit polynomial kernels [8].

1.1 Qur Contributions

Linear-Time FPT. Our first result is that the fixed-parameter algorithm given by Crowston
et al. [4] for the SIGNED MAX-CuT AEE problem can be implemented in such a way that it
runs in linear time.

» Theorem 1 (x). The (SIGNED) MAX-CUT AEE problem can be solved in time 8* - O(m).

Theorem 1 considerably improves the earlier run time analysis [4, 7], which shows a run
time of 8 - O(n*). At the same time, our algorithm improves the very involved algorithm by
Bollobds and Scott [2] that considers the weaker lower bound m/2+ (/8m + 1 —1)/8 instead
of (1). Third, Theorem 1 generalizes the linear-time algorithm by Ngoc and Tuza [24] for
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the special case of MAX-CUT with k£ = 0. Note that MAX-CuT AEE cannot be solved in
time 2°(%) . n@() assuming the Exponential Time Hypothesis [7].

Linear Vertex Kernels. Our second contribution is a kernel with a linear number O(k) of
vertices for MAX-CuT AEE and its generalization SIGNED MAX-CuT AEE.

» Theorem 2. The (SIGNED) MAX-CuT AEE problem admits a kernel with O(k) vertices,
which can be computed in time O(km).

These results considerably improve the previous best kernel bound of O(k®) vertices by
Crowston et al. [4]. Moreover, the presented kernel completely resolves the asymptotic
kernelization complexity of (SIGNED) MAX-CuT AEE, since a kernel with o(k) vertices
would again contradict the Exponential-Time Hypothesis, as the MAX-CUT problem can
be solved by checking all vertex bipartitions. On top of that, our kernelization is also fast.
In fact, we only need to compute O(k) DFS/BFS trees. The rest of the algorithm runs in
time O(m + n).

Extensions to Strongly A\-Extendable Properties. As mentioned, the property of graphs
having large bipartite subgraphs can be generalized to A-extendable properties as defined by
Poljak and Turzik [25] (we defer the formal definitions to Section 2). For a given A-extendable
property II, we consider the following problem.

ABOVE PoLJAK-TURziK BounD(II)

Input: A connected graph G and an integer k.
Question: Does G have a spanning subgraph H € Il s.t. |E(H)| > \|E(G)|+152-(|V(G)|—1)+k?

Note the slight change in the definition of k£ compared to (SIGNED) MAX-CuT AEE, where
k was divided by 4 = ﬁ for A = %

Crowston et al. [4] gave polynomial kernels with O(k?®) or O(k?) vertices for the problem
ABOVE PoLJAak-TURZIK(IT), for all strongly A-extendable properties IT on possibly oriented
and/or labeled graphs satisfying at least one of the following properties.

(P1) A # 3;0r

(P2) G €11 for all graphs G whose underlying simple graph is K3; or

(P3) TII is a hereditary property of simple or oriented graphs.

Our third result improves all these kernels for strongly A-extendable properties to asymptot-
ically optimal O(k) vertices:

» Theorem 3. Let I be any strongly \-extendable property of (possibly oriented and/or
labeled) graphs satisfying (P1), or (P2), or (P3). Then ABOVE POLJAK-TURZIK(II) admits
a kernel with O(k) vertices, which is computable in time O(km).

Consequences for Acyclic Subdigraphs. Theorem 3 has several applications. For instance,
Raman and Saurabh [27] asked for the parameterized complexity of the MAX AcCycCLIC
SUBDIGRAPH problem above the Poljak-Turzik bound: Given a weakly connected oriented
graph G on n vertices and m arcs, does it have an acyclic sub-digraph of at least m/2 +
(n—1)/4 + k arcs? For this problem, Crowston et al. [6] gave an algorithm with run time
20 (klogk) . nO(M) and showed a kernel with O(k?) vertices. They explicitly asked whether the
kernel size can be improved to O(k) vertices, and whether the run time can be improved
to 20k) . nO(M) | Here, we answer their questions in the affirmative by using Theorem 3 and
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then applying an O*(2")-time algorithm by Raman and Saurabh [28, Thm. 2] to our kernel
with O(k) vertices.

» Corollary 4. The MAX ACYCLIC SUBDIGRAPH problem parameterized above Poljak-Turzik
bound admits a kernel with O(k) vertices and can be solved in time 200F) . nOM),

Again, assuming the Exponential Time Hypothesis, the run time of this algorithm is asymp-
totically optimal.

Due to space constraints, proofs of statements marked by () are deferred to the full version.

2 Preliminaries

We use W to denote the disjoint union of sets. The term “graph” refers to finite undirected
graphs without self-loops, parallel edges, edge directions, or labels. For a graph G, let V(G)
denote its set of vertices and let E(G) denote its set of edges. In an oriented graph, each
edge e = {u, v} has one of two directions, € = (u,v) and € = (v, u); thus, an oriented graph
is a digraph without 2-cycles and loops. We sometimes write an edge e = {u,v} as e = uv,
if no confusion arises; this way, three distinct vertices a, b, ¢ can induce a triangle abca. In
a labeled graph, each edge in E(G) receives one of a constant number of labels. For an
oriented and/or labeled graph G, let (G) denote the underlying simple graph obtained from
omitting orientations and/or labels. Throughout the paper, we assume graphs to be encoded
as adjacency lists.

A graph is connected if there is a path between any two of its vertices. A connected
component of G is a maximal connected subgraph of G. A cut vertex of a graph G is a vertex
whose removal increases the number of connected components. A graph is 2-connected if it
does not contain any cut vertices. A maximal 2-connected subgraph of a graph G is called
a block of G. A block that contains at most one cut vertex of G is called a leaf block of G.
A clique tree is a connected graph whose blocks are cliques, where a clique is a complete
subgraph of a graph. A clique forest is a graph whose connected components are clique
trees.! For an oriented and/or labeled graph G we say that G has one of the above-defined
properties if (G) does.

Let G be a graph. For a vertex v € V(G), let Ng(v) = {u € V(G) | {u,v} € E(G)}. For
signed graphs G, we define Ng(v) = N(gy(v). For a vertex set V' C V(G), let Ng(V') =
(Upevs Na(v)) \ V', For disjoint vertex sets V1, Vo C V(G), let E(V1,V5) denote the set
of edges with one endpoint in V; and the other endpoint in V5. For signed graphs G, let
ET(G) C E(G) be the edges with positive labels, and E~(G) = E(G) \ ET(G) be the
edges with negative labels. Define NZ (v) = {u € V(G) | vu € ET(G)} and Ng (v) = {u €
V(GQ) | vu € E7(G)} for all v € V(G).

A graph property 11 is simply a set of graphs. For a graph G, a II-subgraph is a subgraph
of G that belongs to II. A graph property II is hereditary if for any G € II also all
vertex-induced subgraphs of G belong to II. Poljak and Turzik [25] defined the notion
of “M-extendability” for graph properties II, and proved a lower bound on the size of any
IT-subgraph in arbitrary graphs. A related notion of “strong A-extendability” was introduced
by Mnich et al. [23]; any strongly A-extendable property is A-extendable, but it is unclear
whether the other direction holds.

L Clique forests are sometimes called block graphs; however, there are competing definitions for this term
in the literature and so we refrain from using it.
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» Definition 5. Let G be a class of (possibly labeled and/or oriented) graphs and let A € (0, 1).
A (graph) property II is strongly A-extendable on G if it satisfies the following properties:
(i) inclusiveness: {G € G | (G) € K1, Ky} C1I.
(i) block additivity: G € G belongs to II if and only if each block of G belongs to II.
(i) extendability: For any G € G and any partition UWW of V(G) for which G[U], G[W] € IT
there is a set FF C E(U, W) of size |F| > M\|E(U,W)| for which G — (E(U,W) \ F) € II.

The set of all bipartite graphs Ilpipartite is & strongly %—extendable property. Thus, Max-CuT
AEE is equivalent to ABOVE POLJAK-TURZIK BOUND (Ipipartite ) -

Poljak and Turzik[25] showed that, given a (strongly) A-extendable property II, any
connected graph G contains a subgraph H with at least A|E(G)| + 152 (|[V(G)| — 1) edges
such that H € II. We denote this lower bound by pt(G). Further, we define the excess of G
over this lower bound with respect to II as ex(G) = max{|E(H)| — pt(G) | H C G, H € II}.
When considering properties of labeled and/or oriented graphs, we denote by ex(K;) the
minimum value of ex(G) over all labeled and/or oriented graphs G with (G) = K; here, K;
denotes the complete graph of order t. (Our definition slightly differs from the one by
Crowston et al. [8].)

A strongly A-extendable property II diverges on cliques if ex(K;) > % for some j € N.
For example, every strongly A-extendable property with A # 1 diverges on cliques [8]. We
recall the following fact about diverging properties:

» Proposition 6 ([8, Lemma 8]). Let II be a strongly A-extendable property diverging on
cliques, and let j € N,a > 0 be such that ex(K;) = % +a. Then ex(K;) > ra for alli > rj.

We need the following proposition in all sections. For SIGNED Max CuT, we will apply
it with A = 1.

» Proposition 7 ([8, Lemma 6]). Let II be a strongly A-extendable property, let G be a
connected graph and let Uy W Uy be a partition of V(G) into non-empty sets Uy, Us. For
i =1,2 let ¢; be the number of connected components of G[U;]. If ex(G[U;]) > k; for some
ki € R and i = 1,2, then ex(G) > ki + ko — 552 (c1 + o — 1).

3 Linear-Time Fixed-Parameter Algorithms and Linear Vertex
Kernels for Signed Max Cut

In this section we consider the SIGNED MAX-CuT AEE problem. We show that the fixed-
parameter algorithm given by Crowston et al. [4] can be implemented in such a way that it
runs in time 8% - O(|E(G)|). That is, given a connected graph G' whose edges are labeled
either positive (+) or negative (—), and an integer k, we can decide in time 8* - O(|E(G)|)
whether G has a balanced subgraph of size |E(G)|/2 + (|V(G)| — 1 + k)/4. This will prove
Theorem 1. In the second part of the section we will show how to obtain a kernel with O(k)
vertices and thus prove Theorem 2.
Let us first reformulate the SIGNED MAX-CUT AEE problem.

» Proposition 8 (Harary [13]). A signed graph G is balanced if and only if there exists
a partition V1 W Vo = V(G) such that all edges in G[V1] and G[Va] are positive and all
edges E(V1,Va) between Vi and Va are negative.

3.1 Linear-Time Fixed-Parameter Algorithm

The algorithm by Crowston et al. [4] starts by applying the following seven reduction rules.
We restate them here, as they are crucial for our results. A reduction rule is 1-safe if, on input
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(G, k) it returns a pair (G’, k') such that (G, k) is a “yes”-instance for SIGNED MAX-CUT
AEE if (G', k') is. (Note that the converse direction does not have to hold.) In a signed
graph G we call a triangle positive if its number of negative edges is even. In the description
of the rules, G is always a connected signed graph and C' is always a clique that does not
contain a positive triangle.

» Reduction Rule 9. If abca is a positive triangle such that G — {a,b,c} is connected, then
mark a,b, c, delete them, and set k' =k — 3.

» Reduction Rule 10. If abca is a positive triangle such that G — {a,b,c} has exactly two
connected components C and Y, then mark a,b,c, delete them, delete C, and set k' =k — 2.

» Reduction Rule 11. Let C be a connected component of G — v for some vertex v € V(G).
If there exist a,b € V(C') such that G — {a,b} is connected and there is an edge av but no
edge bv, then mark a,b, delete them, and set k' = k — 2.

» Reduction Rule 12. Let C be a connected component of G — v for some vertex v € V(QG).
If there exist a,b € C such that G — {a,b} is connected and vabv is a positive triangle, then
mark a,b, delete them, and set k' =k — 4.

» Reduction Rule 13. If there is a vertez v € V(G) such that G — v has a connected
component C' such that G[V (C) U {v}] is a clique that does not contain a positive triangle,
then delete C. If |V (C)| is odd, then set k' =k — 1. Otherwise, set k' = k.

» Reduction Rule 14. If abc is a vertez-induced path in G for some vertices a,b,c € V(G)
such that G — {a,b,c} is connected, then mark a,b,c, delete them, and set k' =k — 1.

» Reduction Rule 15. Let C,Y be the connected components of G — {v,b} for some ver-
tices v,b € V(G) such that vb ¢ E(G). If GIV(C) U {v}] and G[V(C) U {b}] are cliques that
do not contain a positive triangle, then mark v,b, delete them, delete C, and set k' =k — 1.

We slightly changed Rule 13. Crowston et al. [4] always set k' = k, whereas we set k' = k—1
when |V (C)] is odd. In this case, pt(G[V(C) U{v}]) cannot be integral because |V (C) U {v}|
is even, and thus ex(G[V(C) U {v}]) > 1. Therefore our change for k is 1-safe due to the
following result.

» Proposition 16 ([4, Lemma 2]). Let G be a connected signed graph and Z be a connected
component of G — v for some v € V(G). Then ex(G) = ex(G — Z) + ex(G[V(Z) U {v}]).

We subsume the results by Crowston et al. [4] in the following proposition.

» Proposition 17 ([4]). Rules 9-15 are 1-safe. To any connected signed graph with at least
one edge, one of these rules applies and the resulting graph is connected. If S is the set
of vertices marked during the exhaustive application of Rules 9—15 on a connected signed
graph G, then G — S is a clique forest. If |S| > 3k, then (G, k) is a “yes”-instance.

Following Crowston et al. [4, Corollary 3|, we assume — without loss of generality — from
now on that the resulting clique forest G — S does not contain a positive edge.

» Lemma 18 (x). Let G be a connected signed graph, let X be a leaf block of G, and
let r € V(G) such that V(X)\ {r} does not contain a cut vertex of G. Then we can apply
one of the Rules 9-15 to G deleting and marking only vertices from X in time O(|E(X)]).
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Given an instance (G, k), we can thus compute in time O(k - |E(G)|) a vertex set S that
either proves that (G, k) is a “yes”-instance or G — S is a clique forest. We now show that,
if a partition for the vertices in S is already given, we can in time O(|E(G)|) compute an
optimal extension to G. We use the following problem, which goes back to Crowston et
al. [7].

MAX-CuT EXTENSION
Input: A clique forest Gs with weight functions w; : V(Gg) — Ny for i = 0, 1.
Task: Find an assignment ¢ : V(Gs) — {0,1} maximizing ZwyGE(Gs) lo(x) — p(y)] +

1
Zi=0 Zx: w(z)=1 Wi (ZE)

» Lemma 19 (x). MAX-CUT EXTENSION can be solved in time O(|V(Gg)| + |E(Ggs)|) on a
clique forest Gg.

We now give a proof sketch for Theorem 1. Lemma 18 allows us to find the set S from
Proposition 17 in time O(km) (the case that k is not decreased can only take O(m) total
time). Guess one of the at most 23* partitions on S and solve the corresponding MAX-CUT
EXTENSION problem with Lemma 19.

3.2 A Linear Vertex Kernal for Signed Max-Cut AEE

For the whole section, let GV be the original graph, let S be the set of marked vertices during
the exhaustive application of Rules 9-15 on G°, and let G™ be the resulting graph after the
exhaustive application of our kernelization Rules 20-21 (to be defined later) on G°.

If there is a (unique by Proposition 17) remaining vertex v left after the exhaustive
application of Rules 9-15, then add a path vwz to G, i.e., define G’ = (V(G)U{w,z}, E(G)U
{vw,wz}). Then (G',k + 2) is an instance of MAX-CuT AEE that is due to Proposition 16
equivalent to (G, k) because the excess of a path of length 2 is 2/4. This implies that we
can w.l.o.g. assume that every vertex gets removed during the exhaustive application of the

reduction rules because we can assume we finish with deleting the new path with Rule 14.

Furthermore, as Rule 13 can then not be applied last, we can assume that at least one of the
vertices that are removed last is contained in S.

We will use two-way reduction rules which are similar to the two-way reduction rules by
Crowston et al. [4]. However, our two-way reduction rules have the property that connected
components of G — S cannot fall apart, i.e., two blocks in G" — S are reachable from each
other if and only if the corresponding blocks in G — S are reachable from each other. We can
thus show that Rules 9-15 can behave “equivalently” on G” as on G° (Lemma 24), i.e., that
the same set S of vertices can also be marked in G". This is the crucial idea which allows us

to obtain better kernelization results than previous papers, as it allows the following analysis.

To show size bounds for our kernel G, we (hypothetically) change the set of rules in
such a way that whenever a vertex s € .S is about to be removed, we additionally remove
internal vertices from different blocks of G™ — S that are all adjacent to s. This means that
for every s € S, we find a star-like structure Yy such that Y; is removed together with s, and
the excess on Y, grows linearly in |Y;|. We can distribute the internal vertices from G — S in
such a way to the different Y, that all generated graphs are still connected. Then the large
excess of the different Y translates to a large excess of G™ through Proposition 7.

We use this approach twice to first bound the number of special blocks (Lemma 25) and
then the number of internal vertices in special blocks (Lemma 27) to O(k). On the other
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hand, due to Rules 2021 a constant fraction of vertices in G" — S must be adjacent to S.
This completes the proof.

Let C be a block in the clique forest G —S. Define Ciyy = {v € V(C) | Ng_s(v) CV(C)}
as the interior of C, and Cexy = V(C) \ Cint as the exterior of C. The block C is called
special if Cipt N N (S) is non-empty. Let B be the set of blocks and B, be the set of special
blocks in G" — S. A block C is a A-block if it is not special, contains exactly three vertices,
and |Coxt| < 2.

We now give our two-way reduction rules, which on input (G, k) produce an instance
(G', k) of SIGNED MAX-CUT AEE. Note that the parameter k& does not change. We call a
rule 2-safe if (G, k) is a “yes”-instance if and only if (G’, k) is. The first rule is again due to
Crowston et al. [4], who showed it to be 2-safe. The run time analysis is our work. Recall
our assumption that (without loss of generality) G — S does not contain any positive edges.

» Reduction Rule 20. Let C be a block in G — S. If there exists X C Ciny such that
X | > MORNG@ONS] > 1 NE () NS = NE(X)NS and NG (z) NS = N5 (X)NS for all
x € X, then delete two arbitrary vertices x1,x2 € X.

» Reduction Rule 21. Let C1, Cs be two A-blocks in G — S which share a common vertex v.
Make a block out of V(C1) UV (C2), i.e., add negative edges {{u,w} | u € V(Cy)\ {v},w €
V(C) \ {v}} to G.

» Lemma 22 (x). Rules 20-21 are 2-safe. If they are applied to a connected graph G, then
the resulting graph G’ is also connected.

» Lemma 23 (). Given S, Rules 20-21 can be applied exhaustively to G° in total time O(m+

» Lemma 24 (x). Rules 9-15 can be applied exhaustively to the graph G in such a way
that the set S" of marked vertices is equal to S. Moreover, if only the Rules 11/13/14/15 are
applied to G, the same set of rules is applied to G".

The last part of the lemma will be needed later in Section 4.2.

» Lemma 25 (x). If G" =S has more than 11k special blocks, then (G", k) is a “yes”-instance
of SIGNED MaAXx-Cutr AEE.

» Lemma 26 (x). If G" — S has more than 48k blocks, then (G",k) is a “yes”-instance
of SIGNED MAX-Cut AEE. Otherwise, G" — S has at most 48k external vertices, and
ZBEB |cht| < 96k.

» Lemma 27 (x). If there are more than 117k internal vertices in special blocks in G" — S,
then (G", k) is a “yes”-instance of SIGNED MAX-CuT AEE.

We are now ready to prove Theorem 2.

Proof of Theorem 2. Let (G, k) be an instance of SIGNED MAX-CuT AEE. Like in Sec-
tion 3.1, apply Rules 9-15 exhaustively to (G°, k) in time O(k-|E(G°|), producing an instance
(G', k') and a vertex set S of marked vertices. If ¥’ < 0, then (G’, k') and thus also (G, k) is
a “yes”-instance.

Now apply Rules 20-21 exhaustively to (G, k) in time O(|E(G)|) (Lemma 23) to obtain
an equivalent instance (G”, k). Check whether (G, k) is a “yes”-instance due to Lemma 26
or Lemma 27. If this is not the case, then there are at most 3k vertices in S, at most 48k
external vertices in G — S and at most 117k internal vertices in special blocks. If there
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were more internal than external vertices in a non-special block, we could apply Rule 20
to this block. Thus, the number of internal vertices in non-special blocks is bounded by
96k according to Lemma 26. Hence, the total number of vertices in G is bounded by
3k + 48k + 117k + 96k = 264k. |

4 Linear Vertex Kernels for A-Extendable Properties

In this section we extend our linear kernels for SIGNED MAX-CUT to all strongly A-ex-
tendable properties satisfying (P1), or (P2), or (P3). Henceforth, fix a strongly A-extendable
property II, and let (G° k) be an instance of ABOVE POLJAK-TURz{K BoUND(II). For
notational brevity, we assume the empty graph to be in II.

As in the previous section, we use a set of 1-safe reduction rules devised by Mnich et
al. [23] to find a set S such that GY — S is a clique forest; the difference compared to SIGNED
MAX-CuT is the different change of k. Since we change the reduction rules slightly in the
next section, we refrain from stating the rules by Mnich et al. here.

» Lemma 28 ([23]). There is an algorithm that, given a connected graph G and k € N,
either decides that ex(G) > k, or finds a set S of at most % vertices such that G — S is
a clique forest. This also holds for all strongly A-extendable properties of oriented and/or

labeled graphs.

The detection which of the reduction rules can be applied to a graph G is completely
analogous to the SIGNED MAX-CuUT reduction rules. Hence, it follows immediately from
Lemma 18 that the rules can be applied exhaustively in time O(km).

4.1 Linear Kernel for Properties Diverging on Cliques

We show that ABOVE POLJAK-TURzIK BOUND(II) admits kernels with O(k) vertices for all
strongly A-extendable properties II that are diverging on cliques and for which ex(K;) > 0
for all 7 > 2.

» Lemma 29 (x). Let II be a strongly A-extendable property diverging on cliques, and suppose
that ex(K;) > 0 for all i > 2. Then ABOVE POLJAK-TURZIK BOUND(II) admits a kernel
with O(k) vertices.

» Theorem 30. Let I1 be a strongly A-extendable property. If \ # % or G €11 for every G
with (G) = K3, then ABOVE POLJAK-TURZIK BOUND(II) has a kernel with O(k) vertices.

Proof. Lemmas 24-26 from Crowston et al. [8] show that if A # 5 or K3 € I, then IT diverges
on cliques and ex(K;) > 0 for all ¢ > 2. Therefore, we can apply Lemma 29. <

4.2 Strongly %-Extendable Properties on Oriented Graphs

We now turn to strongly %—extendable properties Il on oriented graphs. First of all we
modify the reduction rules by Mnich et al. [23] in such a way that they are compliant with

Rules 9-15. Let G always be a connected graph.

» Reduction Rule 31. Let C be a connected component of G — v for some vertex v € V(Q)
such that GV U {v}] is a clique. Delete C' and set k' = k.

» Reduction Rule 32. Let C be a connected component of G — v for some vertex v € V(Q)
such that C is a clique. If there exist a,b € V(C) such that G — {a,b} is connected and
av € E(G), but bv ¢ E(G), then mark a,b, delete them, and set k' =k — L.

319
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Figure 1 Illustration of Rule 38.

» Reduction Rule 33. Let abc be a vertez-induced path for some vertices a,b,c € V(G) such
that G — {a, b, c} is connected. Mark a,b,c, delete them, and set k' =k — i.

» Reduction Rule 34. Let v,b € V(G) such that vb ¢ E(G) and G — {v,b} has ezactly two
connected components C,Y . If G[V(C) U {v}] and G[V(C) U {b}] are cliques, then mark v,b,
delete them, delete C, and set k' =k — i.

Rules 31-34 are exactly Rules 13/11/14/15 for SIGNED MAX-CuT AEE with all edges
negative.

» Lemma 35 (x). Rules 31-34 are 1-safe. To any connected graph with at least one edge,
one of the rules applies and the resulting graph is connected. If S is the set of marked vertices,
then G — S is a clique forest. If |S| > 12k, then (G, k) is a “yes”-instance.

Like Crowston et al. [8], we restrict ourselves to hereditary properties. Let ?{3 be the
orientation of K3 which is an oriented cycle, and let f?g be the only (up to isomorphisms)
other orientation of K3. Crowston et al. [8] showed that if I_{>3€ II, then also 1?36 IT, and
thus Theorem 30 applies. We now consider the case that ]?'391 IT together with [?36 IT.

» Proposition 36 ([8]). Let I be a hereditary strongly 3-extendable property on oriented
graphs with I?ge II. Then ex(K;) > 0 for alli > 4 and I diverges on cliques.

Following this lemma, the conditions of Lemma 29 are almost satisfied. The only oriented
cliques without positive excess are K; and I_(>3, because ex(K3) = i for %—extendable
properties. Blocks isomorphic to K; can only occur as isolated vertices in G — S. We can
bound these like in the previous section. Hence, we only need reduction rules to bound the
number of blocks B in a clique forest with B §[_()'3.

Let II be a hereditary strongly %—extendable property on oriented graphs with 1?36 II.
Let (G% k) be an instance of ABOVE POLJAK-TURZIK(IT). Lemma 35 either proves that
(GO, k) is a “yes™-instance, or it finds a set S of at most 12k vertices such that G° — S is a
clique forest. Starting with (G, k), we apply the following reduction rules, which on input
(G, k) produce an equivalent instance (G, k).

» Reduction Rule 37. Delete By of leaf blocks B in G—S with B %}3 and Ng(S)NBin, = 0.

» Reduction Rule 38. Let By, B, By be non-leaf-blocks in G — S and vy,...,vs € V(G) be
such that (1) vi,vit1 € (Bi)ext for all i € {1,2,3}; (ii) B; %‘[_{>3 for all i € {1,2,3}; and
(iii) Ng({va,v3, w1, we,ws}) = {v1,v4}, where w; is the internal vertex of B;. Delete vs and
ws. Add edges vovy and wavy.

Intuitively speaking, Rule 38 takes three blocks in G — S that form a “path” and are all

=
isomorphic to K3. If all vertices except the “endpoints” v; and v, are not adjacent to .5,
then it is safe to delete one block. For an illustration, see Fig. 1.



M. Etscheid and M. Mnich

» Lemma 39 (x). Let II be a hereditary strongly %-ewtendable property on oriented graphs
with I_?ge II. Then Rules 37-38 are 2-safe. The resulting graphs are connected.

From now on, let G be the resulting graph after the exhaustive application of Rules 37-38
on G Rules 37-38 are special cases of Rules 20-21. Because Rules 31-34 are Rules 13/11/14/15
for SIGNED MAX-CuT AEE with all edges negative, the next lemma follows from Lemma 24.

» Lemma 40. Rules 31-34 can be applied exhaustively on the graph G" in such a way that
the set S’ of vertices removed by their application is equal to S.

Let BT be the set of blocks of G" — S with positive excess, and let B~ be the other
blocks, i.e., the blocks B with B ’:V[_(>3 or B2 K;. Let RCV(G)\ S be the set of vertices
that are only contained in exactly two blocks By, Bo € B~ such that (B )int = (B2)int = 0.
Further, let V* C V(G) \ S be the set of vertices in blocks with positive excess, V™~ be the
set of vertices in blocks from B~, and let V,, WV, = V~ be the set of internal and external

vertices of blocks B € B~, respectively. Note that V' and V'~ may intersect.

» Lemma 41 (%). It holds |V~| = O(|(RU V,

int

Ngr(S)| > 48k, then (G, k) is a “yes”-instance.

)N Ngr(S)|). Furthermore, if |(RU V) N

int

Using the same approach as in Section 4.1, one can show that [V*| = O(k) or (G", k)
is a “yes”-instance. As Lemma 41 bounds |[V~| = O(k) for every “no”-instance, and
VUV~ US = V(G"), this suffices to prove the following result.

» Theorem 42 (x). Let II be a hereditary strongly %—eztendable property on oriented graphs
with [?36 II. Then ABOVE PoLJAK-TURZIK BOUND(II) admits a kernel with O(k) vertices.

Proof of Theorem 3. Let A € (0,1) and let II be a strongly A-extendable property of
(possibly oriented and/or labeled) graphs. If A # 1 or G € II for every G with (G) = K3, we
can use Theorem 30. Otherwise, we only have to consider the case that II is a hereditary
property of simple or oriented graphs.

Consider the case that ?{36 II or 1?36 II. If ?{36 II, then Crowston et al. [8] show that

[?36 II, i.e., we can use Theorem 30. And if [?36 II, we use Theorem 42.

Now we may suppose that G € II for every G with (G) = K3. Then Crowston et al. [8]
show that IT is the set of all bipartite graphs. Hence, in the case of simple graphs as well as
if ?{3, [?3% IT for oriented graphs, we can use Theorem 2 to obtain a linear vertex kernel.

Tt is easy to see that Rules 37-38 can be applied exhaustively in time O(m). As X is
constant and we can apply every other reduction rule in linear time, it follows a total run
time of O(X - km) = O(km). <

5 Discussion

For the classical (SIGNED) MAX-CUT problem, and its wide generalization to strongly
M-extendable properties, parameterized above the classical Poljak-Turzik bound, we improved
the run time analysis for a known fixed-parameter algorithm to 8% - O(m). We further
improved all known kernels with O(k?®) vertices for these problems to asymptotically optimal
O(k) vertices. We did not try to optimize the hidden constants, as the analysis is already
quite cumbersome.

It remains an interesting question whether all positive results presented here extend to
edge-weighted graphs, where each edge receives a positive integer weight and the number m
of edges in the Edwards-Erdds bound (1) is replaced by the total sum of the edge weights.

31:11

ISAAC 2016



31:12

Linear Kernels and Linear-Time Algorithms for Finding Large Cuts

Further, Mnich et al. [23] showed fixed-parameter tractability of ABOVE POLJAK-TURZ{K

BounDp(II) for all strongly A-extendable properties I1. However, the polynomial kernelization
results by Crowston et al. [8] as well as in this paper do not seem to apply to the special
case of non-hereditary %—extendable properties. Such properties II exist; e.g., Il = {G €
G | C 2 K3 for all 2-connected components C of G}. Also, for %—extendable properties on
labeled graphs we only showed a polynomial kernel for the special case of SIGNED MAX-CUT.
It would be desirable to avoid these restrictions.

—— References

1

10

11

12

13

14

Francisco Barahona. On the computational complexity of Ising spin glass models. J. Phys.
A, 15(10):3241-3253, 1982. URL: http://stacks.iop.org/0305-4470/15/3241.

Béla Bollobas and Alexander Scott. Better bounds for Max Cut. In Béla Bollobdés, editor,
Contemporary Combinatorics, volume 10 of Bolyai Soc. Math. Studies, pages 185-246, 2002.
C. Chiang, A. B. Kahng, S. Sinha, X. Xu, and A. Z. Zelikovsky. Fast and efficient bright-
field aapsm conflict detection and correction. IEEE Trans. Comput.-Aided Design Integr.
Clircuits Syst., 26(1):115-126, Jan 2007. doi:10.1109/TCAD.2006.882642.

R. Crowston, G. Gutin, M. Jones, and G. Muciaccia. Maximum balanced subgraph problem
parameterized above lower bound. Theoret. Comput. Sci., 513:53-64, 2013. doi:10.1016/
j-tcs.2013.10.026.

Robert Crowston, Michael Fellows, Gregory Gutin, Mark Jones, Frances Rosamond,
Stéphan Thomassé, and Anders Yeo. Simultaneously Satisfying Linear Equations Over
Fo: MaxLin2 and Max-r-Lin2 Parameterized Above Average. In Proc. FSTTCS 2011,
volume 13 of Leibniz Int’l Proc. Informatics, pages 229-240. Schloss Dagstuhl — Leibniz-
Zentrum fuer Informatik, 2011. doi:10.4230/LIPIcs.FSTTCS.2011.229.

Robert Crowston, Gregory Gutin, and Mark Jones. Directed Acyclic Subgraph Problem
Parameterized above the Poljak-Turzik Bound. In Proc. FSTTCS 2012, volume 18 of
Leibniz Int’l Proc. Informatics, pages 400—411. Schloss Dagstuhl — Leibniz-Zentrum fuer
Informatik, 2012. doi:10.4230/LIPIcs.FSTTCS.2012.400.

Robert Crowston, Mark Jones, and Matthias Mnich. Max-cut parameterized
above the Edwards-Erdés bound.  Algorithmica, pages 1-24, 2014. doi:10.1007/
s00453-014-9870-z.

Robert Crowston, Mark Jones, Gabriele Muciaccia, Geevarghese Philip, Ashutosh Rai, and
Saket Saurabh. Polynomial kernels for A-extendible properties parameterized above the
Poljak-Turzik bound. In Proc. FSTTCS 2013, volume 24 of Leibniz Int’l Proc. Informatics,
pages 43-54. Schloss Dagstuhl — Leibniz-Zentrum fuer Informatik, 2013. doi:10.4230/
LIPIcs.FSTTCS.2013.43.

Frederic Dorn. Planar Subgraph Isomorphism Revisited. In Proc. STACS 2010, volume 5
of Leibniz Int’l Proc. Informatics, pages 263-274. Schloss Dagstuhl — Leibniz-Zentrum fuer
Informatik, 2010.

C.S. Edwards. Some extremal properties of bipartite subgraphs. Canad. J. Math., 25:475—
485, 1973.

C.S. Edwards. An improved lower bound for the number of edges in a largest bipartite
subgraph. In Recent Advances in Graph Theory, pages 167-181, 1975.

Gregory Gutin and Anders Yeo. Note on maximal bisection above tight lower bound.
Inform. Process. Lett., 110(21):966-969, 2010. doi:10.1016/j.ipl.2010.08.001.

Frank Harary. On the notion of balance of a signed graph. Michigan Math. J., 2:143-146
(1955), 1953-54.

Frank Harary. On the measurement of structural balance. Behavioral Sci., 4:316-323, 1959.


http://stacks.iop.org/0305-4470/15/3241
http://dx.doi.org/10.1109/TCAD.2006.882642
http://dx.doi.org/10.1016/j.tcs.2013.10.026
http://dx.doi.org/10.1016/j.tcs.2013.10.026
http://dx.doi.org/10.4230/LIPIcs.FSTTCS.2011.229
http://dx.doi.org/10.4230/LIPIcs.FSTTCS.2012.400
http://dx.doi.org/10.1007/s00453-014-9870-z
http://dx.doi.org/10.1007/s00453-014-9870-z
http://dx.doi.org/10.4230/LIPIcs.FSTTCS.2013.43
http://dx.doi.org/10.4230/LIPIcs.FSTTCS.2013.43
http://dx.doi.org/10.1016/j.ipl.2010.08.001

M

15

16

17

18

19

20

21

22

23

24

25

26

27

28

29

30

. Etscheid and M. Mnich

Frank Harary, Meng-Hiot Lim, and Donald C. Wunsch. Signed graphs for portfolio analysis
in risk management. IMA J. Mgmt. Math., 13(3):201-210, 2002. doi:10.1093/imaman/
13.3.201.

Falk Hiffner, Nadja Betzler, and Rolf Niedermeier. Separator-based data reduction
for signed graph balancing. J. Comb. Optim., 20(4):335-360, 2010. doi:10.1007/
s10878-009-9212-2.

Russell Impagliazzo, Ramamohan Paturi, and Francis Zane. Which problems have strongly
exponential complexity? J. Comput. System Sci., 63(4):512-530, 2001. doi:10.1006/
jcss.2001.1774.

Yoichi Iwata, Keigo Oka, and Yuichi Yoshida. Linear-time FPT algorithms via network
flow. In Proc. SODA 201}, pages 1749-1761, 2014. doi:10.1137/1.9781611973402.127.
Richard M. Karp. Reducibility among combinatorial problems. In Complexity of computer
computations (Proc. Sympos., IBM Thomas J. Watson Res. Center, Yorktown Heights,
N.Y., 1972), pages 85-103. Plenum, New York, 1972.

Daniel Lokshtanov, M.S. Ramanujan, and Saket Saurabh. Linear time parameterized
algorithms for subset feedback vertex set. In Proc. ICALP 2015, volume 9134 of Lecture
Notes Comput. Sci., pages 935-946. Springer, 2015. doi:10.1007/978-3-662-47672-7_
76.

Meena Mahajan and Venkatesh Raman. Parameterizing above guaranteed values: Max-
Sat and MaxCut. Technical Report TR97-033, Electronic Colloquium on Computational
Complexity, 1997. URL: http://eccc.hpi-web.de/report/1997/033/.

Meena Mahajan, Venkatesh Raman, and Somnath Sikdar. Parameterizing above or below

guaranteed values. J. Comput. System Sci., 75(2):137-153, 2009. doi:10.1016/j.jcss.

2008.08.004.

Matthias Mnich, Geevarghese Philip, Saket Saurabh, and Ondfej Suchy. Beyond Max-Cut:
M-extendible properties parameterized above the Poljak-Turzik bound. J. Comput. System
Sci., 80(7):1384-1403, 2014. doi:10.1016/j.jcss.2014.04.011.

N. V. Ngoc and Zsolt Tuza. Linear-time approximation algorithms for the max cut problem.
Combin. Probab. Comput., 2(2):201-210, 1993. doi:10.1017/S0963548300000596.
Svatopluk Poljak and Daniel Turzik. A polynomial time heuristic for certain subgraph
optimization problems with guaranteed worst case bound. Discrete Math., 58(1):99-104,
1986. doi:10.1016/0012-365X(86)90192-5.

Svatopluk Poljak and Zsolt Tuza. Maximum cuts and large bipartite subgraphs. In Combin-
atorial optimization (New Brunswick, NJ, 1992-1993), volume 20 of DIMACS Ser. Discrete
Math. Theoret. Comput. Sci., pages 181-244. Amer. Math. Soc., 1995.

Venkatesh Raman and Saket Saurabh. Parameterized algorithms for feedback set problems

and their duals in tournaments. Theoret. Comput. Sci., 351(3):446-458, 2006. doi:10.

1016/j.tcs.2005.10.010

Venkatesh Raman and Saket Saurabh. Improved fixed parameter tractable algorithms for
two “edge” problems: MAXCUT and MAXDAG. Inform. Process. Lett., 104(2):65-72,
2007. doi:10.1016/j.ip1.2007.05.014.

René van Bevern. Fized-Parameter Linear-Time Algorithms for NP-hard Graph and Hy-
pergraph Problems Arising in Industrial Applications. PhD thesis, TU Berlin, 2014.
Magnus Wahlstrém. Half-integrality, LP-branching and FPT algorithms. In Proc. SODA
201/, pages 1762-1781, 2014. doi:10.1137/1.9781611973402.128.

31:13

ISAAC 2016


http://dx.doi.org/10.1093/imaman/13.3.201
http://dx.doi.org/10.1093/imaman/13.3.201
http://dx.doi.org/10.1007/s10878-009-9212-2
http://dx.doi.org/10.1007/s10878-009-9212-2
http://dx.doi.org/10.1006/jcss.2001.1774
http://dx.doi.org/10.1006/jcss.2001.1774
http://dx.doi.org/10.1137/1.9781611973402.127
http://dx.doi.org/10.1007/978-3-662-47672-7_76
http://dx.doi.org/10.1007/978-3-662-47672-7_76
http://eccc.hpi-web.de/report/1997/033/
http://dx.doi.org/10.1016/j.jcss.2008.08.004
http://dx.doi.org/10.1016/j.jcss.2008.08.004
http://dx.doi.org/10.1016/j.jcss.2014.04.011
http://dx.doi.org/10.1017/S0963548300000596
http://dx.doi.org/10.1016/0012-365X(86)90192-5
http://dx.doi.org/10.1016/j.tcs.2005.10.010
http://dx.doi.org/10.1016/j.tcs.2005.10.010
http://dx.doi.org/10.1016/j.ipl.2007.05.014
http://dx.doi.org/10.1137/1.9781611973402.128

	Introduction
	Our Contributions

	Preliminaries
	Linear-Time Fixed-Parameter Algorithms and Linear Vertex Kernels for Signed Max Cut
	Linear-Time Fixed-Parameter Algorithm
	A Linear Vertex Kernal for Signed Max-Cut AEE

	Linear Vertex Kernels for lambda-Extendable Properties
	Linear Kernel for Properties Diverging on Cliques
	Strongly 1/2-Extendable Properties on Oriented Graphs

	Discussion

